by standard methods. Homeostasis model assessment (HOMA) was computed by using the formula fasting glucose (mmol/ l) ϫ fasting insulin (U/ml)/22.5.
This study was approved by the local ethics committee. Written informed consent was obtained from each participant or his/her parents. Partial correlations (r) between cardiovascular risk factors and anthropometric indices were calculated after adjusting for age, sex, and ethnicity. We observed that WHR showed the highest correlations with total cholesterol (r ϭ 0.244), HDL (r ϭ 0.163), and LDL (r ϭ 0.231), while BMI showed the highest correlations with SBP (r ϭ 0.272) and DBP (r ϭ 0.104). WC displayed the highest correlations with fasting glucose (r ϭ 0.105). All three indices showed similar correlations with triglycerides (r ϭ 0.308 -0.312), fasting insulin (r ϭ 0.224 -0.232), and HOMA (r ϭ 0.210 -0.229). Linear regression was also performed to calculate the variation of cardiovascular risk factors explained by different anthropometric indices (R 2 ) after adjusting for age, sex, and ethnicity. The results confirmed our findings in the partial correlation analyses. The possible sex difference was also tested by including interaction between sex and anthropometric indices into the regression model. It showed that the effect of the three obesity indices on SBP differed between sexes (P Ͻ 0.001 for WC and BMI; P ϭ 0.04 for WHR); however, further analyses in boys and girls separately showed that BMI explained the greater variation of SBP both in boys (R 2 ϭ 7.9%) and girls (R 2 ϭ 6.1%), than WC and WHR. Consistent with previous studies (1-3) In their study, Piatt et al. illustrate how the six components of the CCM may be incorporated in the design of a diabetes intervention program, but the outcomes of the intervention strategies under investigation (CCM versus provider only versus usual care) remain unclear and cannot be evaluated without adequately correcting for differences between groups. Due to the study's small sample size, randomization of the 11 practices and its 119 patients into three groups fails to correct for group nonequivalency. Particuarly, differences in ethnicity, insulin use, baseline HbA 1c , cholesterol levels, and Diabetes Knowledge Test scores need to be accounted for. For example, preliminary calculations for differences in insulin use at baseline ( 2 without controlling for nesting, which would require a larger sample) indicate that at least 360 patients would be needed to have a power of 0.8 to detect a 15% difference between groups.
Propensity scores (4) allow investigators to correct for differences in baseline characteristics among study groups when randomization is not an option. This methodological technique derives a coarse balancing factor from the collection of baseline characteristics that enables meaningful direct comparisons among study groups. Propensity scores could be used to achieve a less biased estimate of the treatment effects of the CCM intervention when compared with provider-only intervention and with usual care in the study by Piatt et al. We look forward to the results of this study using this statistical approach and to its contribution to the question on the effect of multiple-versus single-component CCM interventions on diabetes outcomes in primary care. 
L. MARIA BELALCAZAR

W
e read Belalcazar and Swank's response (1) to our article with great interest. They have valid concerns regarding potentially biased estimates of treatment effects in small translational research studies where circumstances and environments are not as easily controlled as they are in efficacy-based research (2).
Our study (3) was a pilot, randomized, controlled trial of a multifaceted diabetes care intervention. Eleven primary care practices and their patients (n ϭ 762), all from the same underserved community, were block randomized to one of three study groups before the start of the intervention. Practices were randomized instead of individual patients to ensure consistent delivery of the intervention for all patients and to eliminate contamination of the intervention between patients in the same practice (4) .
Given the small number of practices randomized and the small sample of patients evaluated, the authors are correct that the study groups may be imbalanced with respect to several factors, even when the P values, which depend on sample size, are not statistically significant. To address this concern, we identified the most important and best "fitting" covariates (age, insulin, baseline metabolic value, study group, and the nesting of practices within study group) with a series of analytical techniques and a review of the literature and then adjusted for these variables when analyzing differences between study groups. We acknowledge the authors' suggestion about adjusting for ethnicity; however, with 10 nonwhite subjects in the study, this was not feasible. Despite the small sample size, statistically significant differences between study groups were observed, lending further credence to our results.
The authors suggest using propensity scores to correct for differences in baseline characteristics among study groups (4) . In observational studies, in which the selection of an intervention (e.g., insulin use) depends on various patient factors, using a propensity score, the estimated probability of receiving one of the interventions based on the patient-specific factors, can greatly reduce selection bias. As our study was a randomized controlled trial, we do not have variables that are truly related to the probability of receiving a particular intervention, since the interventions were randomly assigned a priori. Thus, a propensity score cannot be applied to this study. It may be possible to create an alternative composite score that would encompass several risk factors in future analyses of these types of interventions.
Variations on the multifaceted diabetes care intervention described in our article are currently being studied in a variety of settings, both locally and nationwide. Unfortunately, the majority of these efforts suffer from small sample size and a lack of randomization (5) . In these studies, the use of propensity scores may enhance the validity of the results. 
